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ABSTRACT

The purposes of the research were to 1) create a model of dengue fever screening using data
mining with the decision tree technique and 2) develop a dengue fever screening system using data
mining techniques. Data were collected 496 sets of the dengue fever screening of tambon health
promoting hospital. The Weka program was used to classify data by the decision tree technique with the
J48 algorithm to create a model. The model was then applied to develop the dengue fever screening
system that works on the web. To develop the web using PHP, JavaScript, HTML, and CSS languages, and
use Apache program to be a web server, as well as MySQL to manage the database.

The results showed that the model has 11 attributes. To evaluate the model by the 10-fold
cross validation method with 70.93% of accuracy. For the dengue fever screening system using data
mining technique, it contained two parts: the part of the dengue fever screening persons and the part of
the admin who can upload the new screening model to the system. The study results of overall

satisfaction in the system use were at a high level (X = 3.72, S.D. = 0.79).
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